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ABSTRACT: Teachers’ sense-making of student behavior determines whether students get
in trouble and are formally disciplined. Status categories, such as race, can influence per-
ceptions of student culpability, but the degree to which teachers’ initial identification of
student misbehavior exacerbate racial disproportionality in discipline receipt is unknown.
This study provides the first systematic documentation of teachers’ use of office discipline
referrals (ODRs) in a large, diverse urban school district in California that specifies the
identity of both the referred and referring individuals in all ODRs. We identify teachers
exhibiting extensive referral behavior, or the top 5% referrers based on the number of ODRs
they make in a given year and evaluate their contributions to disciplinary disparities. We
find that “top referrers” effectively double the racial gaps in ODRs for both Black-White
and Hispanic-White comparisons. These gaps are mainly driven by higher numbers of ODRs
issued for Black and Hispanic students due to interpersonal offences and defiance, and also
partially convert to racial gaps in suspensions. Both the level and racial compositions of
the school sites where “top referrers” serve and their personal traits seem to explain some
of their frequent referring behavior. Targeting supports and interventions to “top referrers”
might afford an important opportunity to reduce racial disciplinary gaps.
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1 Introduction

Black students and students of color are substantially more likely to experience exclusionary

discipline (e.g., suspensions and expulsions) than their White peers (U.S. Department of]

Education, 2016al). Racial disproportionalities have been identified in frequency of discipline

referrals, receipt of discipline infractions, and severity of punishments for students involved

in the same offences and the same discipline events (Barrett et al., |2021; Liu et al., 2022;

Losen et al 2015} [Skiba et al|, |2011). Exclusionary discipline has been associated with a

host of negative academic impacts and school disengagement for disciplined students (Bell

& Puckett], [2020; [Chu & Readyl, 2018; [Noltemeyer et al., 2015 [Hwang), 2018; [Sorensen et
, 2022), and has widened racial gaps in absences and student achievement (e.g.,

Steinberg), 2019; [Pearman et al., 2019)). Racial inequities in receipt of school discipline have

also been linked to disparities in young adulthood, including exposure to the criminal justice

system, SNAP receipt, and college completion (Bacher-Hicks et al. 2019; Davison et al.,

2021 Mittleman, 2018; |Sorensen et al., 2022). The pervasiveness and lasting consequences

of racial disparities school discipline underscore the need to identify the root causes of such
disparities.

Despite longstanding interest in identifying the sources of unequal discipline receipt ((Chil-
ldren’s Defense Fund, [1975; [Kiml|, 2011; McCarthy & Hoge, [1987: [Skiba et al., [2002; [U.S.

Department of Education, 2014)), successful reductions in absolute levels of discipline follow-

ing state and national policy efforts, and the adoption of popular discipline reform efforts

such as restorative justice, racial disproportionality in school discipline persists (Anderson:

& Ritter], 2016; Hwang et al.l 2022; [Noltemeyer & Mcloughlinl, [2010; [Executive Office of the]

[President], 2016} |U.S. Department of Education, 2014, 2016b; Davison et al., 2019; (Gregory|

et al. 2018; Hashim et al. 2018)). We thus argue that further reductions in racial dispar-

ities in exclusionary discipline hinge not just on formal programmatic and policy changes,

but on also understanding the specific actions of educators. Research examining educators’



role in creating discipline disparities focuses primarily on differential processing of students
through unequal consequences for similar behaviors (Barrett et al., 2021} (Girvan et al.| [2017;
Skiba et al.; 2002)). A much smaller body of research is beginning to document how teachers
also influence differential selection into formalized discipline through unequal use of Office
Discipline Referrals (ODRs) (Girvan et al., [2017; [Santiago-Rosario et al., |2021} Skiba et al.|
2002, 2011). Recent evidence indicates variability in the use of ODRs by teacher (Holt et
al., 2022), but it is unclear how much of the racial disparities in the receipt of ODRs and

formal consequences can be attributed to differences in referral behavior.

We extend this literature by examining variability teachers’ use of ODRs and considering
whether extensive referral behavior by a small number of teachers widens racial gaps in disci-
pline receipt. We use four years of teacher-referral linked data from an urban school district
to identify the top five percent of referrers, hereafter “top-referrers” and their contributions
to racial referral and discipline gaps. We also test whether ODRs for more subjective of-
fences (e.g., defiance versus weapons) contribute more to racial referral and discipline gaps.
Understanding whether discipline is heavily concentrated among a small number of individ-
uals, and identifying the characteristics and locations of teachers who produce a substantial
amount of ODRs can help school districts to concentrate their intervention and support

efforts to hopefully mitigate racial disparities in exclusionary discipline.

2 Literature Review

School discipline is a transactional process in which educators make a series of determinations
about whether and how to react to undesired student behaviors (Girvan et al., [2017; Okono-
fua et al., [2016). These “moment-by-moment” interactions in which discipline decisions are
made are instances where status categories, such as race, influence perceptions about stu-
dents’ esteem, competence, and culpability, often in unconscious ways (Shedd, 2015; |[Vavrus

& Colel 2002)). |Lewis & Diamond (2015) build on a typology developed by Skiba et al.



(2002) and Piquero| (2008)) highlighting how the construction and enactment of school rules

can infuse racial dynamics into decisions about who is selected for punishment (because a
behavior they commit is perceived as needing discipline) and what severity of punishment
(if any) is judged appropriate to the behavior. This combination of differential selection for
discipline and differential processing of discipline by race are hypothesized to exacerbate the

observed differential outcomes in discipline between racial and ethnic groups.
The existing literature has foregrounded investigations of racial disparities that emerge
from differential processing in part because exclusionary punishment frequency and severity

are routinely documented in district data systems and officially collected by the Office of

Civil Rights (Bradshaw et al., 2010; |Skiba et al., 2002, |2011; U.S. Department of Education,

2014). Research using these records of exclusionary discipline indicates that Black and

Latinx students are more likely to be criminalized and punished more harshly by educators

and school personnel, even for minor infractions (Allen, 2017; Blake et all 2011} [Lewis &

Diamond, 2015} Rios, [2011} Sorensen et al. 2022). Differences in teachers’ use of discipline

for these minor and subjectively defined behaviors uniquely perpetuate racial discipline gaps

(Barrett et al [2021} (Girvan et al., 2017; [Skiba et all, [2002). [[

School context also contributes to differential processing (Kinsler, |2011; Mendez et al.,

2002)). Schools with higher proportions of Black students, other students of color, and

low-income students have higher rates of exclusionary discipline (Gottfredson et al., 2005}

Mendez et all [2002; Welch & Payne, 2010)). Likewise, schools’ authoritative climate and

disciplinary structure distinguish high and low-suspending schools and are associated with

different magnitudes of Black-White suspension rate gaps (Heilbrun et al., 2018).

Yet to understand how disparities in these outcomes emerge, it is also important to

attend to whether and how they emerge through differential selection, including both the

'We follow a long line of literature to distinguish subjectively vs. objectively defined student behaviors
(e.g.,|[Lindsay & Hart|, 2017} |Girvan et al.| 2017; [Smolkowski et al.,|2016). The main difference between these
two types of behaviors is that behaviors such as defiance and disrespect are more ambiguously defined and
allow more staff discretion than more objectively defined behaviors such as violence. See [Smolkowski et al.|
(2016) for a more detailed discussion.




perception of a student action as misbehavior, as well as the formal reporting of that misbe-
havior through an ODR. Research provides several decades of evidence indicating teachers’
differential perceptions of similar behaviors by Black and White students ,
2016; Neal et al., |2003; |Okonofua & Eberhardt], 2015} Owens & McLanahan| 2020} Skiba]

et al) [2011; Zimmerman et al [1995). For example, educators are more likely to perceive

behaviors committed by Black and other students of color as more problematic and deserv-

ing of punishment (Gregory & Roberts, 2017, |Okonofua & Eberhardt|, [2015; Owens, 2020}

Santiago-Rosario et al., 2021)). Yet student self-reports and other research suggest few racial

differences in misbehavior (American Psychological Association) |2008; Gregory et al. |2010;

Losen et al.| [2015; [McCarthy & Hoge, [1987; Wu et al., [1982).

A much smaller literature has documented differential selection resulting from the for-
malization of misbehavior through ODRs, finding evidence of disproportionalities in the

likelihood of receiving ODRs based on student and school characteristics (Girvan et al.

2017; Santiago-Rosario et all 2021; [Skiba et al., [2002, 2011} Smolkowski et al., |2016). For

example, [Liu et al| (2022) find that Black students are more likely to receive ODRs and to

have their ODRs converted to suspensions than White students even if they are involved in
the same incident. There is also growing evidence that teachers’ use of referrals, particularly

in response to more subjective incidents, exacerbates gaps in exclusionary discipline and can

also expand Black-White disparities in absenteeism and achievement (Girvan et al., 2021}

Holt et al 2022; Lindsay & Hart, 2017} Liu et al., 2022).

Collectively, these findings reinforce the need to examine and potentially intervene in
teachers’ use of ODRs as a means for potentially reducing racial disproportionality in referrals
and other discipline outcomes. However, the lack of data linking specific teachers to office
referral records has made it difficult to examine the contributions of specific teachers to racial
disproportionalities in these early stages of the discipline process. One exception is
(2022) who identify variability in the degree of late-elementary educators’ punitiveness in the

use of ODRs in North Carolina, developing a teacher-specific estimate of their contribution



to their average students’” number of ODRs. More punitive teachers contribute to adverse
academic and behavioral outcomes for Black students, particularly from referrals for issues
like defiance. This highlights the idea that teachers vary in their use of ODRs and that this
has negative consequences for students. It also suggests that examining the prevalence and
distribution of the very punitive teachers and providing them with additional supports may

be a promising path toward reducing racial disproportionality in ODRs.

Our work builds on this study to examine the distribution of ODRs across educators
of all school levels and the degree to which extensive referral behavior contributes to racial
disparities in referrals and exclusionary discipline. We exploit unusually rich administrative
data that track all ODRs and the identity of both the referred and referring individuals from a
large, diverse urban school district in California to provide the first systematic documentation
of teachers’ referring behavior. We identify how the ODRs of teachers who are at the top
of the distribution of annual referring frequency translate into racial dispropotionalities in
both ODR and suspension receipt among students. We further probe how school context
and personal traits might explain their frequent referring behavior. Specifically, this paper
answers the following three research questions:

Research Question 1: Distribution. What is the prevalence of ODR use by unique
teacher referrers in the focal district? Are there teachers who engage in extensive referring?

Research Question 2: Disciplinary Disproportionalities. How much do “top
referrers” contribute to referral and suspension disproportionalities by race/ethnicity and by
incident type?

Research Question 3: Predictors. How do school context and individual character-

istics associate with a teacher’s likelihood of being a referrer or a “top referrer”?



3 Data

Our analyses draw on unusually rich administrative data from a large, diverse urban school
district in California for the 2016-17 through 2019-20 school years. During this period, this
district served over 79,000 unique students in grades K-12 in 114 unique schools, totaling
227,922 student-year observations. We identify students’ race/ethnicity using district records
of students’ self-reports of racial/ethnic identity following district classification categories.
About 33 percent of the students are Asian. Hispanic students account for 30 percent. Black
and White students account for 7 and 12 percent, respectively. The remaining 19 percent of

students are identified as multi-racial or are missing race/ethnicity information.

One unique feature of the data is that it provides exceptionally detailed ODR records,
regardless of whether an ODR leads to a suspension. Specifically, aside from the informa-
tion on which students are involved in an ODR and the reason for the referral (i.e., type
of incident), the data also contain a unique identifier for the educator who issued the re-
ferral, incident time, date, and location | In addition, the data allow us to link ODR data
to suspension data so that we can identify the discipline consequences of each ODR record.
Such detailed information allows us to, for the first time, systematically describe educators’
referring behavior and map out how such behavior might contribute to racial disproportion-
alities in both ODR and suspension. Further, the district also provides us with rich data
on educator demographics, their appointment type, credential area, and years of experience,

which we use to characterize educators with differential referring behavior.

Based on our conversation with district leaders, we exclude ODRs issued by adminis-
trators for two reasons. First, some teachers, especially substitute teachers and university
interns who may not have access to the ODR reporting system, may rely on responsible
administrative staff to issue an ODR. This may obscure the source of ODRs from admin-

istrators, causing some data accuracy issues. Second, by focusing on classroom teachers as

2In Appendix Figures and we show the distribution of ODRs along those dimensions.



referrers, we examine the major source of ODRs that affords more opportunities for potential
intervention, given teachers are the primary adults interacting with students in school. As a
result, our analytic sample comprises 75,229 ODRs that were issued by 2,928 unique teachers
(5,855 teacher-year observations). The demographics of teacher referrers are similar to all
referrers, with 48 percent White, 5 percent Black, 16 percent Hispanic, 19 percent Asian and

12 percent identified as multi-racial or are missing race/ethnicity information.

The data also provide reason(s) each ODR was issued. A significant number of ODRs
are the result of multiple infraction categories. We follow Lindsay and Hart (2017) in mak-
ing mutually exclusive categories based on the “most severe” reason listed for an ODR: (a)
violence; (b) drugs; (c) interpersonal offenses; (d) disruption or non-compliance; (e) class
skipping or walkout; (f) other. For example, an ODR for which the student was disruptive
and used violence would be coded as violence. We further categorize these reasons into three
incident types: (a) interpersonal/defiance; (b) violence; (c¢) truancy/drug. To illustrate, “in-
terpersonal offenses” and “disruption or non-compliance” are the most prevalent subjective
reasons (57 percent of total ODRs); “violence” is the most common objective reason for an
ODR (28 percent of total ODRs); whereas “drug”, “class skipping”, and “other” reasons

together consists 15 percent of total ODRs.

4 Method

To answer RQ 1, we plot the distribution of ODRs at the teacher-by-year level and use
the sample of teachers who make at least one ODR in a given year. As the distribution is
positively skewed with a very long tail, we choose to group teachers into bins with unequal
intervals for enhanced data visualization and ease of interpretation. Specifically, the first bins
include teacher-year observations for teachers issued one to two and three to five ODRs, as
these are the most prevalent annual quantities of ODRs issued. We then increase the interval

by five ODRs incrementally until reaching up to 50 annual ODRs. We follow the same logic



and gradually expand the interval, and eventually top-code all teacher-year observations that
have more than 200 ODRs into the last bin. We then identify individuals who issued the
top 5% of unique ODRs within each of the four years to identify a group we refer to as the

“top referrers”.

For RQ 2, we evaluate the contribution of “top referrers” to disciplinary disparities in
both ODRs and suspensions through examining how the cumulative racial gaps in a partic-
ular disciplinary outcome evolve when considering ODRs issued by teachers with different
referring frequenciesﬁ To do this, we first define the average ODRs for a given subgroup of
students using all students who received at least one ODR from teachers who issued fewer

than n ODRs in a given year by using the following equation:

D _ > 2 Groupi;Yy; )
i,j(N<n) S Zj Group;;

where ¢ indicates students and j indicates teachers. Group;; indicates the student’s racial
or ethnic identity. Y;; indicated the number of ODRs the student received from teacher j in

the focal school year.

For simplicity, we use Dz‘,j(Ngn) to represent White students” ODR rate and Dm(Ngn)
to indicate the same measure for a non-White student group, which can be Asian, Black,
Hispanic, or “other” students who self-identify as multi-racial or are missing race/ethnicity
information. Our goal is to calculate how raw racial gaps evolve as we gradually include

teachers who issue a higher volume of ODRs using equation (2) below:

Cumulative racial gap = D; jn<n) — Djj(n<n) (2)

We then follow the same method but change Y;; to indicate the number of ODRs the

3As our method is based on a teacher’s annual referring volume, some might worry that the Covid-19
pandemic which started in March 2020 might affect the data for school year 2019-2020 and thus our results.
We show in Appendix Figure [A4] that excluding year 2020 results in almost identical distribution of ODRs
and cumulative racial gaps. We are also able to replicate our findings for RQ1 and RQ4 in Figure and
Table @ by only using the first three years of data.



student received from teacher j that converts to a suspension.

RQ 3 asks how school context and individual characteristics associate with a teacher’s
likelihood of being a referrer or a “top referrer”. To answer this question, we first compare the
proportion of different racial/ethnic groups in four categories: (1) all students in the district;
(2) all students who are referred at least once; (3) all students who are from schools that have
at least one “top referrer”; (4) all students who are referred at least once by a “top referrer”.
Through comparing how the racial composition of students referred by “top referrers” differ
from demographics of all referred students, we will provide additional evidence on whether
“top referrers” increase or decrease the overall racial gaps. The comparisons to the racial
composition of all students in the district and the school sites where “top referrers” serve
can provide some clues on the working environments of the “top referrers” and how such

contexts might explain their referring behavior.

To further probe into the influence of individual characteristics, we then conduct re-
gression analyses using all classroom teachers who served the district in the time span we
examine. We use two indicator variables as outcomes—one indicates whether a teacher made
at least one ODR in a given year and the other indicates whether a teacher is a “top re-
ferrer”. We regress these two outcomes on teachers’ gender, race/ethnicity, credentials, and
years of experience, controlling for school and year fixed effects to account for factors that
are constant at the school and year levels, respectively. We first estimate the regressions for
the entire sample. We then estimate the same models separately for elementary, middle, and

high schools to examine whether such correlations vary by school level.

5 Results

RQ1. Distribution. Among all classroom teachers who served the district during the
four years we study, 34.2% of them ever made an ODR. We thus exclude teachers who made

zero referrals in a given year and describe the distribution of individual teachers’ referring



frequency for referrers. This distribution is visualized in Figure[I] The first Y axis indicates
the proportion of unique referring teachers in a given referring frequency among all referrers.
The distribution is skewed toward the right with a long tail. More specifically, over half of

referring teachers (50.4%) have an annual count of ODRs below five.

At the same time, some individual teachers’ referring frequency is extensive. Teachers
with an annual referring frequency in the top 5% of referrers (1.7% of all teachers), which we
label as “top referrers”, issued over 45 referrals per year (meaning roughly one referral every
four school days), several magnitudes greater than their average-referring colleagues (who
issue less than one referral for every two months of school). While only about 80 teachers are
ever “top referrers” in our sample, they account for 36.9% of all ODRs made in this four-year
periodﬁ. Motivated by understanding the implications of this extensive referring behavior
by a small group of teachers, we turn to RQ2 to investigate their potential contribution to

racial and ethnic disproportionalities in both ODRs and suspensions.

RQ2. Disciplinary Disproportionalities. As discussed in Section |4, we answer this
question by calculating cumulative referral gaps based on the annual counts of ODRs at
the teacher-by-year level. The results are visualized in Figure |1, overlaid on the bar graph
that we use to answer RQ1. Specifically, the second Y axis indicates cumulative referral
gaps we define in equation [2| while the four lines indicate how such gaps for specific racial
group comparisons change as we increasingly include teachers whose annual volume of ODRs
corresponds to the bins on the X axis. For example, racial gaps in ODRs are close to zero
for all comparisons when we consider ODRs made by teachers who only referred one or two
students in a given year. However, if we consider all ODRs by teachers who made at most 25
ODRs per year (the top 15 percentile number of referrals), the Black-White gap increases to
one referral, and the Hispanic-White and other-White gaps also increase somewhat, although

the magnitudes are not as large.

4We also use the top 10% of referring teachers as the definition for “top referrers”, and replicate the main
analyses in Appendix Figures and [AS| This alternate threshold does not affect our main findings.
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Overall, Figure (1| presents several distinct patterns. First, the Black-White gap in ODRs
increases steadily as we gradually include more frequent referrers. When we consider all
referrers, the Black-White referral gap reaches slightly above three ODRs. This pattern is
similar for Hispanic-White and other-White gaps, but the growth for these two gaps are not
nearly as fast as the Black-White gap. In contrast, the Asian-White gap stays relatively

stable and is actually negative.

Second, if we combine the two sets of information presented in Figure (1, a less readily
visible but critical finding is that the top 5% referrers, as identified in RQ1, effectively double
the Black-White, Hispanic-White, and other-White referral gaps. For example, the Black-
White gap in ODRs is about 1.6 when we consider all referrers with less than 46 ODRs.
Once we include “top referrers”, this number jumps to around 3.4. In other words, while the
“top referrers” represent a small group of teachers by definition, the sheer volume of ODRs

they made has an outsized influence on overall racial gaps in ODRs.

We further unpack Figure (1] to explore how different types of ODRs might contribute to
the patterns we have seen so far. Figure [2] provides the same plot but by race and ODR
type. We group all ODRs into three buckets based on the most severe reasons for issuing
a given ODR-interpersonal/defiance, violence, and truancy/drugs. Overall, what primarily
drives the increase of racial gaps in ODRs, especially those by “top referrers”, are ODRs
issued for interpersonal/defiance reasons, which are arguable more likely to be subject to
bias (Lindsay & Hart|, [2017)). For example, “top referrers” double the Black-White referral
gap in the interpersonal/defiance category (2.0 ODRs), which also account for more than

half of the total Black-White referral gap (3.4 ODRs).

While ODRs, regardless of whether they lead to a suspension, are consequential on their
own, the negative and long-lasting impact of suspensions are more well documented (e.g.,
Bacher-Hicks et al., [2019). We now turn to examine how the patterns we observe in ODRs
convert to racial gaps in suspensions. In Figure [3| we present the parallels of Figure [I] but

change the second Y axis to cumulative suspension gaps. As documented in |Liu et al.| (2022)
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which uses identical data to this study, only 4% of all ODRs convert to suspensions. Thus,
it is expected that the overall magnitudes of suspension gaps are much smaller compared
with ODR gaps.

The patterns of suspension gaps largely align with those of ODR gaps, but show some
distinct features. The most obvious difference is that the ODR gaps map onto suspension
gaps with a much larger conversion rate for the Black-White gap compared with other racial
group comparisons. Specifically, the total suspension gap for the Black-White comparison
is 5% (.17/3.4) of the referral gap, but this rate is less than 3% for Hispanic-White and
other-White comparisons. This is consistent with findings by [Liu et al.| that there is also a

sizable referral conversion gap for Black students compared with their White peers.

Another distinctive pattern is that the Black-White suspension gap grows most quickly
when we gradually include referrers who made up to 50 referrals per year (from zero to
around .15 suspensions). Top 5% referrers continue to widen this gap until reaching a gap
of .17 suspensions, but at a slower growth rate. We also observe that the Black-White and
other-White gaps initially increase quickly but slow down when including “top referrers”.
In sum, this suggests that “top referrers” contribute to racial suspension gaps. While their
contribution is not commensurate with the sheer volume of the referrals they made, which
is partially explained by the fact that they frequently referred students of color for minor
reasons like interpersonal offences and defiance, they exacerbate the already large suspensions
gaps.

RQ3. Predictors. Thus far, we have documented the contributions of “top referrers”
on racial disproportionalities in both ODRs and suspensions. In RQ4, we start to probe
into how working environments and personal traits might explain their referring behavior.
We first explore the role of school context by comparing the racial compositions of several

groups of referred and non-referred students. The results are shown in Figure [4]

We find that Black and Hispanic students are overrepresented among students who were

referred by “top referrers” compared to the other three groups. First, not surprisingly, there

12



are clear disproportionalities in the racial composition of students who received ODRs from
“top referrers” considering the overall racial composition of the district. More importantly,
“top referrers” also referred higher proportions of Black and Hispanic students compared
to all referred students and relative to their representation among students in their schools.
For example, Black students only account for 7% of all students enrolled in the district
but represent close to 22% of all referred students and 27% of students referred by “top
referrers”. This confirms our finding that “top referrers” widen racial gaps in ODRs. While
we find that “top referrers” indeed teach at schools with slightly higher proportions of Black
and Hispanic students, the differences between the racial compositions of their schools and
the district seem to explain only some, but not all of the differences between the racial
composition of the students who they referred and all referred students. We now turn to

examining how referrers’ individual characteristics might explain their referring frequency.

In Table [l Columns (1) and (2) present results from regressions using the overall sample,
and the remaining columns are from school-level specific samples. The first row reports the
means of the outcome variables for each sample. There are notable school-level differences in
ODR activity; the majority of teachers (70%) made at least one ODR at the middle school

level, while fewer than half of teachers do so in elementary and high school.

Holding everything else equal, we do not find any statistically significant differences on
teachers’ referring behavior by gender, but we find clear evidence that teachers of color are
much less likely to be a referrer or a “top referrer” compared with their White colleagues.
For example, across all school levels, a Black teacher’s likelihood of being a referrer is 4.6%
percentage points lower than a White teacher’s. This number is 2.1% when comparing
likelihoods of being a “top referrer”. Hispanic teachers are also significantly less likely to
refer students or be a “top referrer” than White teachers-these coefficients are 1/3 to 1/2 of
the magnitudes compared with the coefficients for Black teachers. While Asian teachers have
even a lower probability of referring students compared with Black and Hispanic teachers,

they are equally as likely to be a “top referrer” as their White colleagues when they do make
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ODRs, suggesting varied referral behavior among Asian teachers. Teachers’ credentials seem
to also play a role. In particular, teachers who hold single subject credentials in English and
math are both more likely to be a referrer and a “top referrer” compared with teachers with
other credential types. The patterns of the results are not consistent in school-level specific

regressions, suggesting school levels might confound the results on credentials.

Years of experience seems to be a particularly salient predictor that holds across samples.
Specifically, as teachers accumulate more years of teaching experience, especially after three
years when they receive tenure, their likelihood of being a referrer or a “top referrer” quickly
drops. Notably, at the middle school level where “top referrers” are the most prevalent, extra
years of experience does not reduce a teacher’s likelihood of being a referrer until they reach
at least 11 years of experience. However, any additional experience does greatly reduces the
likelihood of being a “top referrer”. Together, these results suggest that teachers who are
White, early-career, and who serve middle schools are the ones who engage more in extensive

referring.

6 Conclusion and Discussion

This study contributes to the literature on racial disparities in school discipline exposure by
considering the degree to which a small group of teachers drives differential selection into
school discipline by extensively using ODRs following an act they identify as misbehavior.
Using exceptionally detailed administrative data from a large and diverse urban school dis-
trict in California, we find that “top referrers”, defined as the top 5% of teachers based on
their annual ODR numbers, effectively double the racial gaps in ODRs for both Black-White
and Hispanic-White comparisons. These gaps are mainly driven by higher numbers of ODRs
issued for Black and Hispanic students due to more subjective reasons like interpersonal of-
fences and defiance. These ODRs also partially, although not entirely, convert to racial gaps

in suspensions. Both the level and racial compositions of the school sites where “top refer-
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rers” serve and their personal and professional traits seem to explain some of their extensive

referring behavior.

As one of the first studies that examines the variability in teachers’ referral behavior and
its contributions to racial disproportionalities in ODRs and exclusionary discipline, this study
serves as a first step to understand the contributions of “top referrers” to these dynamics
and how such information can be leveraged to provide them with targeted supports and
interventions. In a companion study, we extend this line of inquiry by causally estimating
how teachers’ qualifications and personal traits affect their referring frequency and more
importantly, which students they refer (Hayes et al. 2022). Together, our hope is this
strand of work can help further the knowledge on educators’ role in disciplinary disparities

and identify effective strategies to combat them.

The approach focused on examining extensive referral behavior provides a tangible and
transparent policy tool for school leaders in any district. In our district partner’s context, this
group of educators contribute a meaningful proportion of the overall racial disproportionality
in ODRs. At the same time, it also represents a relatively manageable number of educators
to receive focused supports in ways that may adjust referral behavior. In other contexts,
different proportions of individuals that the district feels it can effectively support may
be identified through a similar approach. This approach may also help to identify school
contexts or position types where individuals engaging in extensive referral behavior may be
concentrated, highlighting where structural supports at the school level, subject area, or

career stage may also be warranted.
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Figures and Tables

Figure 1: Distribution of Referring Frequency & The Corresponding Cumulative
Referral Gaps
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Notes: Data come from a large school district in California between 2016-17 and 2019-20
school years. The percentage of referrers represents the four-year average of the percentages
of referrers in a given referral group. The cumulative average referral gap is the four-year
average of the percentage differences between students of other races and White students
(the reference group) who received at least one referral in a given referral group. Our referral
group is formed by the counts of referrals at teacher-by-year level. The average number of
referrals issued by top 5% referrers is 48.25 across years, falling into the 46-50 referral group.

24



Figure 2: Distribution of Referring Frequency & The Corresponding Cumulative
Referral Gaps: by Race and Referral Type
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Notes: This figure decomposes the cumulative average referral gap by race and referral type,
respectively. Data come from a large school district in California between 2016-17 and 2019-
20 school years. For each race/ethnic group, the cumulative average referral gap is the four-
year average of the percentage differences between students of a specific race/ethnic group
and White students (the reference group) who received at least one referral in a given referral
group by referral type. Our referral group is formed by the counts of referrals at teacher-by-
year level. Referral types are grouped by their most severe reasons. Specifically, interpersonal
offense, class disruption and non-compliance are grouped as Interpersonal /Defiance; violence
is a stand-alone group of Violence; drug use, class skipping and other reasons are grouped
as Truancy/Drug. The average number of referrals issued by top 5% referrers is 48.25 across
years, falling into the 46-50 referral group.
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Figure 3: Referring Frequency & The Corresponding Cumulative Suspension Gaps
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Notes: Data come from a large school district in California between 2016-17 and 2019-20
school years. The cumulative average suspension gap is the four-year average of percentage
differences between students of other races and White students who received at least one
suspension in a given referral group. Our referral group is formed by the counts of referrals
at teacher-by-year level. The average number of referrals issued by top 5% referrers is 48.25
across years, falling into the 46-50 referral group.
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Figure 4: Comparing Student Racial Representations
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Notes: Data come from a large school district in California between 2016-17 and 2019-20
school years. Students are counted at student-by-year level. For each racial/ethnic group,
this figure shows their percentages among all students in the district, their percentages among
all students who are referred at least once, their percentages among all students who were

in the top 5% referrers’ school, and their percentages among all students who were referred
at least once by any of the top 5% referrers.
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Table 1: Predictors of Being A Referrer or A “Top Referrer”

Overall Elementary Middle High
All Top All Top All Top All Top
Referrers Referrers Referrers Referrers Referrers Referrers Referrers Referrers
(1) (2) (3) (4) (5) (6) (7) (8)
Outcome Mean 0.342 0.017 0.278 0.013 0.707 0.057 0.425 0.010
Female 0.008 -0.005 -0.002 0.005 -0.030 -0.031%F  0.042%* 0.001
(0.010) (0.003) (0.014) (0.003) (0.023) (0.012) (0.019) (0.004)
Black -0.046%*F*F  -0.021FF  -0.048**  -0.012***  -0.128** -0.074* 0.004 -0.010**
(0.016) (0.008) (0.024) (0.004) (0.047) (0.034) (0.028) (0.005)
Hispanic -0.022%*  -0.008** -0.019 -0.002 -0.039 -0.035* -0.024 -0.009*
(0.011) (0.004) (0.016) (0.005) (0.039) (0.019) (0.024) (0.005)
Asian -0.055%** 0.001 -0.047F%* 0.001 -0.107%%%  -0.005 -0.064* -0.001
(0.014) (0.003) (0.016) (0.005) (0.033) (0.011) (0.034) (0.003)
Missing Race -0.019* -0.006* -0.002 -0.002 -0.061 -0.040%**  -0.010 0.002
(0.011) (0.003) (0.020) (0.004) (0.035) (0.013) (0.019) (0.004)
Other Race -0.014 -0.003 0.004 0.009 -0.055 -0.027 -0.016 -0.001
(0.019) (0.006) (0.034) (0.010) (0.044) (0.016) (0.045) (0.011)
Cred in ELL 0.019%* 0.001 -0.007 0.002 0.067%** -0.000 0.045%* 0.002
(0.009) (0.003) (0.015) (0.005) (0.015) (0.008) (0.021) (0.005)
Cred in SPECED -0.008 -0.006*  -0.042%* -0.004 -0.043 -0.027** 0.039 -0.000
(0.018) (0.004) (0.019) (0.006) (0.026) (0.009) (0.036) (0.002)
Cred in English 0.053%%*  (0.013** -0.038 -0.002 0.056 0.044%*  (0.102%** 0.007
(0.017) (0.005) (0.027) (0.006) (0.042) (0.018) (0.030) (0.004)
Cred in Math 0.058%** 0.012* -0.003  -0.013**%*F  (0.084** 0.023 0.093%** 0.016
(0.017) (0.007) (0.025) (0.005) (0.033) (0.013) (0.029) (0.013)
Cred in Science 0.083%** 0.012 0.066 0.013 0.125%** 0.019 0.116%** 0.013
(0.024) (0.008) (0.053) (0.014) (0.018) (0.024) (0.035) (0.009)
Temporary -0.075%FF  _0.020%**  -0.091%**  -0.020** -0.017 -0.037*  -0.095***  -0.020
(0.014) (0.006) (0.024) (0.008) (0.040) (0.021) (0.027) (0.012)
Years 2-3 -0.006 -0.011* -0.011 -0.002 0.018 -0.054** 0.028 0.006
(0.016) (0.006) (0.024) (0.010) (0.022) (0.018) (0.032) (0.007)
Years 4-5 -0.041%%%  _0.013 -0.042%* -0.006 -0.000 -0.052* -0.043 -0.009
(0.014) (0.009) (0.025) (0.013) (0.030) (0.025) (0.034) (0.019)
Years 6-10 -0.077FF_0.020%**  _0.077F**  _0.024* -0.022  -0.069***  -0.086** -0.025
(0.018) (0.009) (0.027) (0.013) (0.027) (0.022) (0.039) (0.015)
Years 11-30 -0.093%FF  _0.030*** -0.083***  -0.023* -0.066* -0.073*%*F  -0.081*%FF  _0.024
(0.019) (0.008) (0.026) (0.012) (0.035) (0.026) (0.029) (0.015)
Controls for:
School FE v v v v v v v v
Year FE v v v v v v v v
Adjusted R? 0.359 0.083 0.295 0.046 0.137 0.107 0.313 0.070
Observations 17026 17026 7430 7430 2407 2407 4179 4179

Notes: Clustered-robust standard errors at the school level are in parentheses. Data come from a
large school district in California between 2016-17 and 2019-20 school years. The unit of analysis
is at teacher-by-year level. The “other” race category includes multiracial individuals and teachers
missing race data. All the statistics above are reported as proportions. The omitted group is male,
White, tenured or nontenured referrers with one year of teaching experience. Columns 1, 3, 5, 7
include referrers making at least one referral. p<0.10* p<0.05** p<0.01***,
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Appendix A

Figure A1l: Distribution of referrals by incident time
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Notes: Data come from a large school district in California between 2016-17 and 2019-20
school years. This figure shows the four-year average of the percentages of referrals by
incident time.
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Figure A2: Distribution of referrals by month
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Notes: Data come from a large school district in California between 2016-17 and 2019-20
school years. This figure shows the four-year average of the percentages of referrals by month.
Due to summer holidays, June and July are excluded when producing this figure.

30



Figure A3: Distribution of referrals by location
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Notes: Data come from a large school district in California between 2016-17 and 2019-20

school years. This figure shows the four-year average of the percentages of referrals by
location.
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Figure A4: Distribution of referrals by month (Year 2020 Excluded)
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Notes: Data come from a large school district in California between 2016-17 and 2018-19
school years. This figure shows the three-year average of the percentages of referrals by
month. Due to summer holidays, June and July are excluded when producing this figure.
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Figure A5: Distribution of Referring Frequency & The Corresponding Cumulative
Referral Gap (Year 2020 excluded)
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Notes: Data come from a large school district in California between 2016-17 and 2018-19
school years. The percentage of referrers represents the three-year average of the percentages
of referrers in a given referral group. The cumulative average referral gap is the three-year
average of the percentage differences between students of other races and White students
(the reference group) who received at least one referral in a given referral group. Our referral
group is formed by the counts of referrals at teacher-by-year level. The average number of
referrals issued by top 5% referrers is 48.25 across years, falling into the 46-50 referral group.
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Figure A6: Comparing Student Racial Representations
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Notes: Data come from a large school district in California between 2016-17 and 2019-20
school years. Students are counted at student-by-year level. For each racial/ethnic group,
this figure shows their percentages among all students in the district, their percentages among
all students who are referred at least once, their percentages among all students who were
in the top 10% referrers’ school, and their percentages among all students who were referred
at least once by any of the top 10% referrers.
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Figure AT: Distribution of Referring Frequency & The Corresponding Cumulative
Referral Gap: by Race and Referral Type
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Notes: This figure decomposes the cumulative average referral gap by race and referral type,
respectively. Data come from a large school district in California between 2016-17 and 2019-
20 school years. For each race/ethnic group, the cumulative average referral gap is the four-
year average of the percentage differences between students of a specific race/ethnic group
and White students (the reference group) who received at least one referral in a given referral
group by referral type. Our referral group is formed by the counts of referrals at teacher-by-
year level. Referral types are grouped by their most severe reasons. Specifically, interpersonal
offense, class disruption and non-compliance are grouped as Interpersonal /Defiance; violence
is a stand-alone group of Violence; drug use, class skipping and other reasons are grouped as
Truancy/Drug. The average number of referrals issued by top 10% referrers is 30.50 across
years, falling in-between the 26-30 and 31-35 referral group.
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Figure AS8: Referring Frequency & The Corresponding Cumulative Suspension Gap
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Notes: Data come from a large school district in California between 2016-17 and 2019-20
school years. The cumulative average suspension gap is the four-year average of percentage
differences between students of other races and White students who received at least one
suspension in a given referral group. Our referral group is formed by the counts of referrals
at teacher-by-year level. The average number of referrals issued by top 10% referrers is 30.50
across years, falling in-between the 26-30 and 31-35 referral group.
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Table A1l: Predictors of Being A Referrer or A Top Referrer (Year 2020 Excluded)
Overall Elementary Middle High
All Top All Top All Top All Top
Referrers Referrers Referrers Referrers Referrers Referrers Referrers Referrers
(1) (2) (3) (4) (5) (6) (7) (8)
Outcome Mean 0.341 0.017 0.261 0.014 0.732 0.056 0.436 0.010
Female 0.013 -0.005 0.006 0.005 -0.018 -0.031* 0.042%* -0.001
(0.010) (0.004) (0.015) (0.004) (0.023) (0.015) (0.020) (0.004)
Black -0.052%FF  _0.022%*  -0.047*  -0.014**  -0.096* -0.063 -0.043 -0.012*
(0.017) (0.010) (0.028) (0.005) (0.051) (0.044) (0.032) (0.007)
Hispanic -0.017 -0.004 -0.016 0.000 -0.043 -0.021 -0.030 -0.005
(0.013) (0.004) (0.017) (0.005) (0.034) (0.023) (0.028) (0.006)
Asian -0.052*** 0.002 -0.048** 0.000 -0.111%%* 0.001 -0.067 0.000
(0.016) (0.004) (0.018) (0.005) (0.033) (0.017) (0.040) (0.004)
Missing Race -0.016 -0.003 -0.017 -0.000 -0.047 -0.030** 0.002 0.005
(0.012) (0.003) (0.021) (0.005) (0.038) (0.010) (0.021) (0.006)
Other Race -0.020 -0.001 0.014 0.003 -0.076 -0.002 -0.011 -0.002
(0.021) (0.006) (0.037) (0.011) (0.044) (0.016) (0.051) (0.013)
Cred in ELL 0.017 -0.001 -0.003 -0.001 0.048*** -0.006 0.051* 0.001
(0.010) (0.003) (0.016) (0.005) (0.011) (0.008) (0.026) (0.006)
Cred in SPECED -0.024 -0.007**  -0.055*** -0.004 -0.075%*F  -0.023%** 0.005 -0.003
(0.021) (0.003) (0.021) (0.005) (0.029) (0.006) (0.037) (0.004)
Cred in English 0.050%** 0.012** -0.033 -0.004 0.037 0.042%* 0.091%** 0.006*
(0.019) (0.005) (0.029) (0.006) (0.050) (0.018) (0.029) (0.003)
Cred in Math 0.050%** 0.011 -0.016 -0.014%%* 0.055 0.028 0.089%** 0.012
(0.017) (0.007) (0.026) (0.005) (0.034) (0.018) (0.030) (0.011)
Cred in Science 0.078%** 0.016* 0.070 0.023 0.125%** 0.025 0.101** 0.016
(0.024) (0.010) (0.055) (0.021) (0.019) (0.032) (0.036) (0.011)
Temporary -0.072%FFF  _0.021%**  -0.088*%**  _0.021** -0.009 -0.037 -0.093** -0.022
(0.016) (0.008) (0.027) (0.010) (0.040) (0.031) (0.034) (0.013)
Years 2-3 -0.008 -0.014* -0.010 -0.003 0.010 -0.073%%* 0.015 0.007
(0.015) (0.008) (0.027) (0.011) (0.021) (0.023) (0.033) (0.011)
Years 4-5 -0.038** -0.017 -0.026 -0.006 0.004 -0.059 -0.069* -0.020
(0.015) (0.011) (0.029) (0.014) (0.023) (0.034) (0.036) (0.023)
Years 6-10 -0.072%FF  _0.033***  -0.069**  -0.027* 0.000 -0.079%*  -0.092** -0.029
(0.019) (0.010) (0.030) (0.014) (0.031) (0.031) (0.034) (0.017)
Years 11-30 -0.091%FF  _0.034***  -0.079***  -0.024* -0.056 -0.082**  -0.085***  _0.031
(0.020) (0.010) (0.028) (0.014) (0.034) (0.033) (0.027) (0.020)
Controls for:
School FE v v v v v v v v
Year FE v v v v v v v v
Adjusted R? 0.383 0.094 0.315 0.049 0.139 0.133 0.316 0.061
Observations 12749 12749 5566 5566 1801 1801 3120 3120

Notes: Clustered-robust standard errors at the school level are in parentheses. Data come from a
large school district in California between 2016-17 and 2018-19 school years. The unit of analysis
is at teacher-by-year level. The “other” race category includes multiracial individuals and teachers
missing race data. All the statistics above are reported as proportions. The omitted group is male,
White, tenured or nontenured referrers with one year of teaching experience. Columns 1, 3, 5, 7
include referrers making at least one referral. p<0.10* p<0.05** p<0.01***,
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